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IDENTIFICATION OF THE TISSUE SPECIFIC PROTEIN
COMPLEXES

DING Xia!, ZHANG Xiao-fei?, YI Ming?
(I.School of Mathematics and Statistics, Wuhan University, Wuhan 430072, C’hma)

(Q.School of Mathematics and Statistics, Central China Normal University, Wuhan 430079, Chma)
(3.Sch00l of Science, Huazhong Agricultural University, Wuhan 430070, China)

Abstract: In this paper, we study the identification problem of tissue-specific protein
complexes. By using a variety of typical clustering algorithm to cluster the network, we construct
a tissue-specific protein-protein interaction network based on the protein-protein interaction net-
works as well as the tissue-specific gene expression data, then merge the results with non-negative
matrix factorization model to obtain tissue-specific protein complexes. The results show that
clustering effect has been significantly improved, and can identify tissue-specific protein complexes.

Keywords: protein-protein interaction networks; complexes identification; tissue-specific;
non-negative matrix factorization
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