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Variable Coefficient Std. Erraor t-Statistic Prob.

AR} 0.323667 0.096652 3.348796 0.0014

AR(2) 0.700571 0.098108 T.140800 0.0000

MALT) 0.969481 0.034444 28.14660 0.0000
R-squared 0.9855618 Mean dependent var 3.356004
Adjusted R-squared 0.995466 S.D. dependentvar 0.792907
S.E. of regression 0.053388 Akaike info criterion -2.974534
Sum squared resid 0165316 Schwarz criterion -2 870721
Log likelinood 9372330 Hannan-Quinn criter. -2.933849
Durbin-\Watson stat 1.830779
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Best Training Performance is MaM at epoch 6082

Mean Squared Error (mse)
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R =R PN 5 OB ER AL (AL 12TT)
Fy HIME ARMA Wil BP BUUE  AHSBE

2001  16386.04 15208.52 15780.00 15730.62
2002 18903.64 19350.99 18710.00 18997.29
2003 21715.25 21225.79 22170.00 21759.89
2004 26396.47 25661.79 26100.00 26378.59
2005  31649.29 30283.19 31720.00 31731.29
2006  38760.20 37393.85 38830.00 38742.65
2007  51321.78 44982.16 51280.00 51268.76
2008 61330.35 62311.71 61340.00 61329.41
2009 68518.30 69634.73 68520.00 68518.83
2010 83101.51 81750.21 83100.00 83102.71
2011 103874.43 97059.93 103880.00  103800.43

2012 117210.25 125539.15 117030.00 117264.85
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FISCAL REVENCE PREDICTION ABOUT THE ARMA-BP
NEURAL NETWORK COMBINATION MODEL

FANG Bo, HE Lang
(College of Science, Wuhan University of Technology, Wuhan 430070, Chma)

Abstract:  This paper studies the prediction of ARMA-BP neural network combination
model. Using the evaluation method of maximum-minimum degree, we get the result that the
degree of difference of ARMA-BP neural network combination model is greater than the single
model, which generalizes the conclusion that the combination model is superior to the single model
on prediction precision.

Keywords: ARMA model; BP neural network; combination model; maximum-minimum
degree
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