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PROJECTION PRIMAL-DUAL METHOD FOR SADDLE POINT

OPTIMIZATION PROBLEMS WITH SIMPLE CONSTRAINED

GUO Xiao! , TAO Yue?
(J.School of Material Science and Engineering, Guilin University of Electronic Technology,
Guilin 541004, China)
(Q.Jiangsu Broadcasting Corporation, Nanjing 210000, C’hina)

Abstract: In this paper, we study the saddle point optimization problems with simple

convex set constraints. Using the property of convex-concave, a projection primal-dual gradient
method is proposed. The algorithm has a symmetric structure and each step has a closed-form
solution. The convergence of the new algorithm is proved and the convergence rate is also obtained.
The numerical results of Poisson noise image restoration problem verify the effectiveness of the
new method.

Keywords: saddle point problem; primal-dual; image restoration
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