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A LINEARIZED METHOD FOR THE SEPARABLE CONVEX
PROGRAMMING WITH OBJECTIVE FUNCTION
REPRESENTED AS THREE FUNCTIONS

GAO Lei-fu, PAN Jing-le, WEI Shuai
(C’ollege of Science, Liaoning Technical University, Fuxin 123000, C’hina)

Abstract: In this paper, we study the convex minimization problem with linear constraints

and a block-separable objective function which is represented as the sum of three functions without

coupled variables. Based on the customized proximal point algorithm, linearing its variable

inequality subproblem and adding an approximate item to the subproblem, the new linearized

method is offered and its global convergence is proved finally. The results have extended the

corresponding studies documented.

Keywords: linear constraints problems with separable operators; alternating direction

method of multipliers; variational inequality; global convergence.
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