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EMPIRICAL BAYES ESTIMATOR FOR NONEXPONENTIAL
DISTRIBUTION FAMLIIES UNDER NA SAMPLES

HUANG Jin-chao
(Basic Course Department, Chouzhou Vocational Technology College, Chuzhou 239000, C’hina)

Abstract: The empirical Bayes (EB) estimator of parametric 6 in nonexponential distribution

families for NA samples is investigated under square loss functions. By using kernel-type density
estimation, the empirical Bayes estimation rules are constructed. Under suitable conditions, it
is shown that the proposed EB estimators are asymptotically optimal with convergence rates
O(n~(rs=2/2+2) "where s > 2, s € N, 2/s < r < 1. Finally an example about the main results
of this paper is given.
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