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AN EMPIRICAL BAYESIAN ESTIMATOR AND ITS
CONVERGENCE RATE FOR THE PARAMETER IN THE
SCALE-EXPONENTIAL FAMILY

HE Dao-jiang , YOU You

(School of Mathematics and Computer Science, Anhui Normal University, Wuhu 241000, China)

Abstract: In this paper, the Bayesian estimator of the parameter in the scale-exponential

family is derived under the scaled squared error loss function. By the method of Kernel estimation,

the empirical Bayesian estimator of the parameter is then constructed. Finally, the convergence

rate of the EB estimator is established, which generalizes some results in literature.
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